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 Abstract:- Recommendation system is very useful Technique for both Traveler and providers. And it’s provides various 

techniques to voyages to choose best tour package. However, most voyage recommender systems available are complicated 
and Confusing and usually rely on explicit user ratings to recommend, travel packages. However, user ratings for travel data 
are sparse, therein reducing their effectiveness in recommending travel packages.The unique characteristics of Voyage l 
packages  are area of interest, session and travel mode.  The tour spots are distributed in many geographical locations.   In 
e- commerce the recommender system are having great victory. Here I proposed to develop new voyage system based on 
user’s interest and spatial-temporal correlations that exist within sets of locations, seasons and attractions. Further, I will as-
sess relationships between travel users so than common users can be arranged into travel groups or the people who wants 
to travel as a group with their family or friends can also be arranged into travel groups. 

Keywords: collaborative filtering , recommender systems ,  AI techniques ,  Voyage Package. 

 
 

——————————      —————————— 

 
1. INTRODUCTION: 
Travel and Voyage is most favored activity when people 

have vacations. Many tourism facilities are provided by 

many organizations. The people or the tourist chooses 

his own travel package according to his personal inter-

est. The travel companies focus on the interest of tourist 

so that to increase their market value and provide huge 

packages. So there is needed to make travel package 

more effective. Recommender systems are a developing 

area and attraction towards it is growing day by day[1]. 

Through recommender systems the number of product 

recommendation are achieved while dealing with cus-

tomer. In e- commerce the recommender system are 

having great victory. Recommender systems are catego-

ries into 

 Collaborative filtering systems- it rely on the simi-

lar factors of user and or items. Preferences of dif-

ferent users for same item are recommended by 

system.  

 Content based system- in this item recommendation 

in analyzed. It retrieves the information and filters it 

for research. For ex if a tourist goes to hill stations  

Many times then database contains “hill station” as rec-

ommendation. 

 The recommendation system is applied in many fields 

[1] [2] [3]. There are many problems in recommending a 

travel package. The first one is there is less amount of 

data as while comparing to other recommendation sys-

tem like movie recommendation. The second problem is 

each travel spot contain complex relationship like land-

scapes, area, session etc… Tour packages are dynamic 

that is the new packages will be replaced by old pack-

ages over time to attract more customers. There are two 

types of packages, static and dynamic. Static packages 

do not change over time. But dynamic packages change 

over time. 

 

2. RELATED WORK. 
 
Recommendation system is a huge research topic. The 

lot of work is done on recommendation system in indus-

try as a developing approach. Interest in recommended 

systems is high as it represents research in problem rich. 

It has huge amount of applications that help the user to 

get a personal recommendation as well services. The 

example of this application is recommending books, CD 

and etc. The recommendation system still needs im-

provements at current situation as to make it effective in 

areas like financial services to investors, real-time appli-
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cations and smart shopping cart [1]. Tour recommenda-

tion is different from other recommendation as the tour-

ist interest in package is directly affected by its cost. 

Cost aware recommendation of package is need of the 

recommender system. The travel logs are collected from 

different agents of company then analyzed for time and 

financial cost connected to every travel package. The 

tourist has different level of affordability for aspect of 

cost. The recommendation system focuses on such fac-

tors to make it more effective [3].  

Collaborative filtering is a technique which filters the 

information using different technique of collaboration 

for different data sets. The large data sets of applications 

are involved for collaboration filtering. It is a approach 

that recommender system are interested in. Neighbor-

hood models are the foundation of the Collaborative 

filtering. The Collaborative filtering is based on rating of 

items for different sets [4].  

Recommender systems propose items from different 

choices for user by analyzing earlier interest or behavior. 

The user’s behavior has impact from unseen interests of 

user. To invest on getting information about the interest 

of user is unfavorable to make good recommendations. 

The present recommender systems based on collabora-

tive-filtering focuses on user’s interaction with the sys-

tem. The information about inactive user is discarded. 

The topic model collaborated so that to find out the per-

sonalized ranking. The aim to generate the item oriented 

collaborative filtering model. It deals with different 

problems that represent in old collaborative filtering 

scheme like overspecialization and cold start problem 

[5].  

Recommender system focuses on advising user for in-

teresting objects in personalized way for huge options. 

Content base recommendation schema recommends the 

similar items that the user had used those items earlier. 

The content based recommender matches the attributes 

users profile so that to get sorted set of interest with the 

object of attributes. Then recommend the interesting 

items to the user as per the sets [6]. 

 
 

Fig 1. Architecture of Travel package system 

 

3. SYSTEM STUDY 
 
In the proposed system, to make the travel selection eas-

ier, the recommendation is provided to the tourists. This 

analyzes the characteristics of the existing travel pack-

ages and develops a tourist-area-season topic model. 

TAST model represent travel packages and tourists by 

different topic distributions, where the topics are condi-

tioned on both the tourists and the intrinsic features (i.e., 

locations, travel seasons) of the landscapes. Based on 

topic model representation, propose a cocktail approach 

to generate the lists for personalized travel package rec-

ommendation. Furthermore, extend the TAST model to 

the tourist-relation-area-season topic (TRAST) model for 

capturing the latent relationships among the tourists in 

each travel group. Finally, evaluate the three models 

TAST, TRAST and the cocktail recommendation ap-

proach on the real-world travel package data. To ad-

dress these challenges, in our preliminary work, pro-

posed a cocktail approach on personalized travel pack-

age recommendation. Specifically, first analyze the key 

characteristics of the existing travel packages. In this 

travel time and travel destinations are divided into dif-

ferent seasons and areas. TAST model, which can 

represent travel packages and tourists by different topic 

distributions. In the TAST model, the topics are generat-

ed on both the tourists and the intrinsic features (i.e., 

locations, travel seasons) of the landscapes. As a result, 

the TAST model can well represent the content of the 

travel packages and the interests of the tourists. A cock-

tail approach is developed for personalized travel pack-

age recommendation by considering some additional 

factors including the seasonal behaviors of tourists, the 

prices of travel packages. The experimental results on 
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real-world travel data show that the TAST model can 

effectively capture the unique characteristics of travel 

data and the cocktail recommendation approach per-

forms much better than traditional techniques. 

The tourist-relation-area-season topic (TRAST) model, 

understand the reasons why tourists form a travel 

group. It is helpful for capturing the latent relationships 

among the tourists in each travel group. In addition, 

conduct systematic experiments on the real world data. 

TRAST model can be used as an assessment for travel 

group automatic formation but also provide more in-

sights into the TAST model and the cocktail recommen-

dation approach.  

 

Advantages of Proposed System:It goes beyond perso-

nalized package recommendations and is helpful for 

capturing the latent relationship among the tourists in 

each travel group. It aims to make personalized travel 

package recommendations for the tourists 

 
3.1. TAST MODEL (TOURISTS AREA SESSION 
TOPIC)  

This model represents different landscapes and tourists 

based on topic distributions. In the TAST model, the 

extraction of topics is conditioned on both the tourists 

and the intrinsic features (i.e., locations, travel seasons) 

of the landscapes. As a result, the TAST model can well 

represent the content of the travel packages and the in-

terests of the tourists. Based on this TAST model, a cock-

tail approach is developed for personalized travel pack-

age recommendation by considering some additional 

factors including the seasonal behaviors of tourists, the 

prices of travel packages, and the cold start problem of 

new packages. Finally, the experimental results on real-

world travel data show that the TAST model can effec-

tively capture the unique characteristics of travel data 

and the cocktail recommendation approach performs 

much better than traditional techniques. 

 
Algorithm  
Input : A location L  

Output: list of landscapes  

Algorithm:  

Step 1: open the database connection  

Step2: create a linked list  

Step3: search for the areas with the string “select * from 

area where areaname=’L’”  

Step4: for each result in the select query  

Step5: add the result to linked list  

Step6: return the linked list 

 
3.2. TRAST MODEL (TOURIST RELATION AREA 
SESSION TOPIC)  

TRAST helps to understand the reasons why tourists 

form a travel group. This goes beyond personalized 

package recommendations and is helpful for capturing 

the latent relationships among the tourists in each tra-

vel group. In addition, we conduct systematic experi-

ments on the realworld data. These experiments not on-

ly demonstrate that the TRAST model can be used as an 

assessment for travel group automatic formation but 

also provide more insights into the TAST model and the 

cocktail recommendation approach. In summary, the 

contributions of the TAST model, the cocktail ap-

proaches, and the TRAST model for travel package rec-

ommendations are shown in Fig. 1, where each dashed 

rectangular box in the dashed circle identifies a travel 

group and the tourists in the same travel group are 

represented by the same icons. 

 
Algorithm 

Input: request for a package  

Output: a recommended package  

Algorithm:  

Step1: monitor the user request for a given time Step2: 

get the most popular areas  

Step3: list the areas  

Step4: the admin selects few areas from the list  

Step5: create a new package  

Step6: admin enters the prince 

 Step7: return the package 

 
4. RECOMMENDER SYSTEMS 

 
The System The travel package recommender system 

will allow the user or administrator to search for pack-

ages based on various criteria. The options that the user 

can search by are: 

 

 4.1. Recommendation by Themes This option does 

not consider travel area and travel season factors and 

recommends packages based on the theme selected. Re-

sults are retrieved from a travel data set through a sim-

ple selection by Theme. 
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Fig 2. Recommendation by Themes 

 

4.2. Recommendation by Area This option provides 

package recommendations based on user-entered Area 

and also provides results for the Area by Season. Results 

are retrieved from a travel data set through a simple 

selection by Area. 

 
Fig 3. Recommendation by Area 

 
4.3. Recommendation by Seasons This option cal-

culates the Average Weighted Entropy for each Area for 

a user-entered Theme. The weighted Entropy is then 

used to recommend packages by Season for a selected 

Area. Entropy of the season 

Where |Sp | 
is the number of different packages in SP and pi is the 

proportion of package Pi in this season. 

 
 

Fig 4.Recommendation by Seasons 

 

4.4. Travel Group Recommendation This option 

provides common packages in a particular Theme for 

two tourists when they select an Area and a Season. 

 
 

Fig 5.Travel Group Recommendation 

 
5. CONCLUSION  
There is need to understand the different sets of users 

interest to provide a felicitous package. While recom-

mending the peregrinate package different topics and 

cognate information is analyzed. Then develop the 

TAST model which outputs the topic and season rec-

ommendation. It finds the tourist interest for recom-

mending package. It additionally discovers tourist in-

terest and gives the spatial-temporal correlations for 

landscapes. The TAST model is utilized to build cocktail 

approach for personalized recommendation for pere-

grinate package. The cocktail approach is predicated on 

hybrid recommendation strategy. TAST model is elon-

gated to TRAST model which acquire the cognations 
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between tourists in each group. TRAST model is uti-

lized for efficacious analysis of automatic formation. 
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